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CONVERGENCE OF RELAXED INERTIAL METHODS FOR EQUILIBRIUM
PROBLEMS
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Abstract. In this paper, we first introduce a relaxed inertial algorithm for solving a pseudomonotone
equilibrium problem with a Lipschitz-type condition in a Hilbert space. The algorithm is constructed
around the proximal-like mapping and the inertial technique. The weak convergence of the algorithm is
proved under some mild conditions. We also present a modified version of the first algorithm which can
be implemented more easily without the prior knowledge of the Lipschitz-type constant of bifunction.
Finally, several experiments are performed to illustrate the numerical behavior of the new algorithms,
and also to show their computational efficiency over others.
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1. INTRODUCTION

The equilibrium problem (EP) [1, 2], which is well known as the Ky Fan inequality, were
early studied in [3]. This problem unifies in a simple form various problems, which arise in
economics, optimization and operators research. More precisely, in this general formulation,
the equilibrium problem includes an important class of variational inequalities as well as the
classes of complementarity problems, convex optimisation, saddle point problems, fixed point
problems and famous Nash equilibria problem. In recent years, the equilibrium problem has
been intensively and widely investigated both in theoretically and algorithmically. Many nu-
merical methods have been proposed for approximating solutions of this problem; see, e.g.,
[4]-[16] and the references therein.

One of the most popular methods for solving the equilibrium problem is the proximal point
method (PPM). This method was first introduced by Martinet [17] for monotone variational in-
equality problems. Later, it was extended by Rockafellar [18] to monotone operators. Moudafi
[14] and Konnov [19] further extended the PPM to the equilibrium problem with monotone and
weakly monotone bifunctions, respectively. The PPM is constructed around the resolvent of
a bifunction. Based on this method, many works have been devoted to presenting numerical
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approaches for finding an approximation solution of the equilibrium problem in various ways
with different types of conditions.

In this paper, we are first interested in a method of inertial-type. This method originates from
heavy ball method (an implicit discretization) of the second-order dynamical systems in time
[20, 21, 22]. The main feature of which is that the construction of the next iterate is based
on at least the previous two iterates. Recently, inertial-type algorithms have been applied to
numerous kinds of problems; see, e.g., [23, 24, 25, 26, 27, 28, 29, 30, 31, 32]. In this direction,
by using the resolvent of a bifunction, Moudafi [33] proposed a new inertial method, so-called
the second-order differential proximal method, which combines the (relaxed) original PPM with
inertial effect. Under certain suitable conditions, Moudafi established the weak convergence
of the algorithm. Recently, Chbani and Riahi [34] developed the relaxed inertial proximal
point methods in incorporating with the Mann iteration or the Halpern iteration and obtained
associated convergence results. Several other recent methods in this direction can be found in
[35, 36].

We next focus on the method which is based on the auxiliary problem principle, namely, the
proximal-like algorithm [4]. This method requires at each iteration to compute two-proximal
mappings which is equivalent to solve two strongly convex optimization programs. The proximal-
like algorithm [4] is also called the extragradient method [15] due to the early obtained results in
[37] on saddle point problems. The extragradient method was investigated and further extended
the convergence in [15] under the hypotheses of the pseudomonotonicity and the Lipschitz-type
condition of bifunctions. In recent years, the extragradient method has received a lot of attention
due to its importance in numerical computations. We remark here that the extragradient meth-
ods seem to be easier to solve numerically by optimization tools than the PPM [5, 6,7, 8, 16]. A
reason to explain this remark may be due to the fact that it is not easy to compute the resolvent
of a bifunction.

In this paper, motivated and inspired by the results in [33, 34, 35, 36, 38], we first intro-
duce a new algorithm with inertial form for solving a pseudomonotone equilibrium problem
with a Lipschitz-type condition in a Hilbert space. The algorithm uses a relaxed version of
the extragradient method to incorporate with inertial terms. The chosen stepsizes in the first
algorithm depend on the Lipschitz-type constants of bifunctions. The theorem of convergence
is established under certain mild conditions. In the inverse case when the information of the
Lipschitz-type constants of bifunctions is unknown, we propose the second algorithm which
can be performed more easily. The stepsizes in the second algorithm are updated at each itera-
tion by a cheap computation based on the previous iterates. In order to show the efficiency of
the new algorithms, several numerical experiments in comparison with others are also imple-
mented.

The remainder of this paper is organized as follows: Section 2 recalls some definitions and
preliminary results used in the paper. Sections 3 and 4 deal with the description of the algo-
rithms and the analysis of their convergence. Finally, in Section 5, we perform several exper-
iments to show the numerical behavior of the new algorithms and also to compare them with
others.



CONVERGENCE OF RELAXED INERTIAL METHODS 217

2. PRELIMINARIES

Let H be a real Hilbert space and let C be a nonempty closed convex subset of H. Let f be
a bifunction from H x H to the set of real numbers R such that f(x,x) = 0 for all x € C. The
equilibrium problem (EP) for the bifunction f on C is to find x* € C such that

f(x*,y) >0, V¥yeC. (EP)

Let us denote by EP(f,C) the solution set of problem (EP). It was well known that solution
methods are often relative to some concepts of the monotonicity of a bifunction. Recall that a
bifunction f : H x H — R is said to be:

(1) strongly monotone on C if there exists a constant ¥ > 0 such that

Fxy)+ f(3:x) < =Yk —y|I%, Vx,y € C;
(i1) monotone on C if
f,y)+f(yx) <0, Vx,y €C;
(ii1) pseudomonotone on C if

f(x,y) 2 0= f(y,x) <0, Vx,y € C;
(iv) strongly pseudomonotone on C if there exists a constant y > 0 such that
Fx,y) = 0= f(y.x) < —yllx—y||%, Vx,yeC.
From the aforementioned definitions, it is easy to see that
(i) = (i) = (iii) and (i) = (iv) = (iii).
A bifunction f is said to satisfy Lipschitz-type condition on C if there exist two positive con-
stants ¢y and ¢ such that

f(ny)+f(y7Z) Zf(x,Z) —cl||x—y||2—62]|y—z||2, quyuz eC.

If A: C — H is a L-Lipschitz continuous operator, the bifunction f(x,y) = (Ax,y — x) satisfies
the Lipschitz-type condition with ¢; = ¢; = L/2. Dealing with the analysis of the convergence
of the proposed algorithms, we consider the following conditions imposed on a bifunction f :
HxH—NR:

(A1) f is pseudomonotone on C and f(x,x) = 0 for all x € C;

(A2) f satisfies Lipschitz-type condition on H with some constants ¢y, c2;

(A3) f(x,.) is convex and lower semicontinuos on C for every fixed x € H;

(A4) limsup,,_,., f(x4,y) < f(x,y) for each sequence {x,} C C converging weakly to x;
(A5) EP(f,C) is nonempty;

It is easy to show that under assumptions (A1) and (A3), the solution set EP(f,C) is closed
and convex. Recall that the proximal mapping of a proper, convex and lower semicontinuous
function g : C — R with a parameter A > 0 is defined by

) 1
Prox; . (x) = aurgmm{?tg(y)%—§||)c—y||2 1y E C}, x€eH.

The following is a property of the proximal mapping.
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Lemma 2.1. [39] For each x € H and A > 0,
A {8(y) — g(prox;,(x))} > (x — prox; ,(x),y — prox;4(x)), ¥ y € C.
We need the following technical lemmas.
Lemma 2.2. [39] For all x,y € H and o € R, the following equality holds,
o+ (1= 00)y|[> = | [x[|* + (1 = a)|Iy[* — (1 — @) || — ¥
Lemma 2.3. [21] Let {®,}, {A,} and {6, } be sequences in [0,+co) such that
o0
q)n+1 S(I)n‘i'en(q)n_q)nfl)'i‘Ana Vn > 1; ZAn<+°°7

n=1
and there exists a real number 0 with 0 < 6, < 0 <1 foralln > 0. Then the following assertions
hold:

(1) L5 [ @, — Py_1]4 < +oo, where [t]4 := max{z,0};
(ii) There exists ®* € [0, 4o0) such that lim,,_, ; . D, = P*.

Lemma 2.4. [39, Lemma 2.39] Let C be a nonempty set of H and {x, } be a sequence in H such
that the following two conditions hold:

(i) for every x € C, limy_yc0 || X, — x|| exists;
(ii) every sequentially weak cluster point of {x,} is in C.
Then {x,} converges weakly to a point in C.
3. RELAXED INERTIAL EXTRAGRADIENT METHOD

In this section, we present a new relaxed inertial algorithm for solving problem (EP) in a
Hilbert space. The algorithm can be considered as a combination between a relaxed version
of the extragradient method and the inertial technique. Precisely, the algorithm is described as
follows:

Algorithm 1. [Relaxed Inertial Extragradient Method for EPs]

Initialization: Choose xy, x; € H and three control parameter sequences {A,} C (0,+c0),
{0} C (0,400) and {6,} C [0,+o0).

Iterative steps: Assume that x,_1, x, € H are known. Calculate x,, 11 as follows:
Step 1. Compute w, = x,, + 0, (x, — x,—1) and

Yn = PIOX, £(wn,.) (Wn).
Step 2. Compute

Xpr1 = (1 — (Xn>Wn -+ (anrOXlnf(ym') (Wn)
Setn:=n+1 and go back Step 1.

Stopping criterion: If y, = wy, then stop and yy, is a solution of problem (EP).
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Remark 3.1. In the case where problem (EP) is a variational inequality problem, i.e., f(x,y) =
(Ax,y —x), where A : H — H is an operator, then Algorithm 1 becomes the following algorithm

Wi = Xn + O (Xn — Xn—1),
Yn = Pc(Wn — AnAwn), (3.1
Xnt1 = (1= aty)wy + 0 Pc(wn — LAyy).
If 6, =0, then w, = x,, and (3.1) reduces to the algorithm
{yn = Pc(xn — AAxy),
Xnt1 = (1 = ty)xy + 0 P (xn — AnAyy),
which is a relaxed version of the extragradient method in [37].

In order to establish the convergence of Algorithm 1, we assume that conditions (A1)-(AS)
hold, and that three parameter sequences {4, }, { &, }, {6, } satisfy the following conditions:

BDO<A <A, <A <min{%,2—i2};

B2)O0<a. <o <a* < t4gmin{l —2c14%, 1 —20A"};
B3)0<0H, <0< %H and {6,} is non-decreasing, where
o 0.5min{1 —2ciA*, 1 =2cA*} +1—a*
= ps )
Remark 3.2. From (B2), we have 2a* < 1+0.5min{1 —2¢A* 1 —2c,A*}. Thus
0.5min{1—2c;A*,1—2c,A*} +1—a* > o™,

This implies € > 1.
We begin with the following lemma.

Lemma 3.1. Under assumptions (A1)-(A3), (AS) and (B1)-(B3), the following estimate holds
foralln >0 and x* € EP(f,C),

K+ 1—0p

=

[1n 1 = x* |7 < [Jwa —x*[|> —
where kK, = 0.5min{1 —24,c1,1 — 24,2 }.

Proof. Set z,, = prox Aonf (oms) (wy). Thus, from Lemma 2.1, we obtain

dn(f s y) = f Onszn)) 2 (Wn = 2n,y —2n) , Yy € C. (3.2)
Similarly, by the definition of y,, and Lemma 2.1, we get
Da(fWns ) = F(WnsYn)) = (W = yu,y = ¥n) , ¥y € C. (3.3)
Substituting y = z,, into relation (3.3), we obtain
Aa(f Wniszn) = F(WnsYn)) = (W = Yy Zn = ) - (3.4)

Now, since x* € EP(f,C), we have f(x*,y,) > 0. Thus, from hypothesis (Al), we obtain
f(yn,x*) <0. Next, substituting y = x* € EP(f,C) C C into relation (3.2) and using f(y,,x*) <
0, we see that

_/'Lnf(ynazro > <Wn _ZmX* _Zn> .
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Thus (W, — 24,20 — X*) > Auf(Yn,2n), Which together with the Lipschitz-type condition of f,
implies that
(W= 20320 = %) 2 A { f Wy 20) = F (W yn) = c1|[Wa =yl > = c2llyn — 20l I} -

Combining the last inequality with relation (3.4), we obtain

(W= 2020 =X7) 2 (W = Y20 = ) = 1 W =3l P = 2Dullyn =2l 2. (3.3
We have the following facts:
|2 = lwn =zl * = |z — 2|1,
1>

2{(Wn—zZny2n—X") = ||wp —x

2<Wn_ynyzn_yn> = Hwn_ynHz‘i'HZn_yn - Hwn_ZnHZ-

Multiplying both two sides of inequality (3.5) by 2, after that, using the two last equalities, we
obtain
[z = x*[1* < [Jwn — "2 = (1= 22nc1)|[yn — wal[* — (1 = 22nc2) |20 — yul |- (3.6)
Thus, from the definition of k;,, we get
llzn =x*11> < llwa —2"|* =286 (|[yn = wal * + 120 = yul[*)
I = K (11 = wal |+ 2w = yall)?
||Wn_X*||2_Kn||Zn_Wn||2- (3.7

< lwp—x
<

Note that, from the definitions of x,; and z,, one has x,,+1 = (1 — o,)w, + 0,2, Moreover,
two hypotheses (B1) and (B2) imply that o, € (0,1). Thus, it follows from Lemma 2.2 and
relation (3.7) that

[t =272 = [1(1 = o) (W —x") + Oz —27)|
= (1= o) [wn = [+ 0|20 — x*[]* = (1 = )| |20 — wal|®
< HWn_X*||2_O‘n<Kn+1_O‘n)HZn_WnHZ,
which, together with the fact ||z, — wy|| = aln ||Xn+1 — wyl|, implies that
Kot 1— ot
B
This completes the proof of Lemma 3.1. U

[t =271 < [[wn —x*[? — 1 = wal . (3.8)

Now, we set
On = ||xn _X*Hz — Onl[xn—1 _X*”z + 6, (1 +€)||xn —xn—lea
where € is defined in hypothesis (B3). Let K := € — (2 + 1)0. From (B3), we see that K > 0.
We have the following lemma.
Lemma 3.2. Under assumptions as in Lemma 3.1, the following estimate holds, for alln > 1,
Q1 — On < —K||x,11 _xn||2-
Proof. It follows from (B1)-(B2) and the definition of x, that
Knt1—o0,  0.5min{l—2A,c1,1 —24.c2} +1— 0

an a]’l
0.5min {1 —2A%c1,1—24*c;} +1 - a*
a*
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Thus, from Lemma 3.1, we obtain
[t =21 < [[wn = x*[1% = €l xa 1 —wal | (3.9)
By the definition of w,, and Lemma 2.2, we have
[[wn _X*Hz = [ln+ 6 (0 — xp—1) _X*Hz
= [[(1+64) (tn —x*) + (= 63) (a1 —x7) |
= (14 0| —x*|* = Ol lxn—1 = x*[|* + 6(1 + 6,)| |0 — 01 ||*. (3.10)
Moreover, it also follows from the definition of w, and the Cauchy-Schwarz inequality that
|| X1 —WnH2 = |[Xnt1 —xn — O (xn _xn—1)||2
= ||xn+1 —xn| |2 + 93||xn —Xn—1 | |2 —26, <xn+1 — XnsXn _xn71>

||xn+l _xn||2+ erngn_xn—le _29n||xn+l _xn||||xn _xn—1||

(AVARAY,

[+ =2 >+ 63| ben =011 = 6 [ 121 = xal > + [ =01
(1= 6)[xn+1 _xn||2+ (93_ 9n)||xn_xn—1||2' (3.11)
From relations (3.9) - (3.11), we have
s =22 < (14 0) [0 = 2|2 = Bl pou1 —x*]1> — (1 = 6) |41 — 0]
_8(93_ Gn)“xn_xn—le""en(l +9n)||xn_xn—1‘|2
< (14 60) | = (| = Bl a1 = 2*|* = &(1 = 6,)| o1 — x|
+9n(1+8_0n(8_1)>||xn_xn—1||2
< (14 60) [ = 2| * = Bl [t — [ — (1 = 6) |1 — 3
+60,(1+€)|Jxy —x0 1|2, (3.12)

in which the last inequality follows from the fact that € > 1 and 6, > 0. Now, it follows from
the definition of ¢,, the non-decreasing property of {6, }, and relation (3.12) that

Guit — @0 = |1 —x%[[F = (14 01) [0 — x| > + 61 (1+ &) [ |11 — ]
+9n||xn—1 —x*||2 —6,(1 +8)||xn —Xn—1 H2

< Pt =X P = (14 6) ] — x> + O [0 — x|
— 0, (1+ )| — Xn1 ][>+ Ot (14 €)|xnr1 — x|
< —g(1- 6n)||xn+1 _xn||2+9n+1(1 +8)||xn+1 _xn||2

—[e(1=6,) = 61 (14 &)] | Prnr1 — x|
< —[e(1—60)—0(14&)]||xpr1 — xn||* (due to 0 < 6,,6,41 < 0)
= [~ (2e+1)0][50r1 5l [ = —Klbtus1 — 3l
Lemma 3.2 is proved. U
Lemma 3.3. Under assumptions as in Lemma 3.1, the following assertions hold:
(@) Xy ot — o > < oo
(if) Timy, o0 | [ = yul| = im0 |20 — Wil = im0 [ [yn — Wil | = limyeo [[yn — 2a|| = O;

(iii) lim,_e0 ||x, — x*||> € R for each x* € EP(f,C) and {x,}, {yn}, {zn}, {wn} are bounded.
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Proof. (i) It follows from Lemma 3.2 that ¢, is a non-increasing. Thus, from the definition of
¢,, we have

||xn_X*H2 < Opl[xn—1 _X*Hz""q)n < Op|[xa—1 —x*||2—|—q)1.
Thus, from hypothesis (B3), we get
[l —x"||* < Bl pu—1 —x*[|* + @1
This implies that
|Jew — ()2 < 0"[|xo —x*[| 2+ @1 (6" +0" 7+ +0+1) < 9"\|x0—x*|12+1"’—19. (3.13)
Moreover,
Pt = Xt = |7 = Bt |Pin = (17 4 61 (14 €)1 — 20> = =6t | pn — x|
This together with (3.13) implies that

0 ¢y

— O < O by =712 < 6y — I[P < 07 g — 7| P+

(3.14)

It follows from Lemma 3.2 that

K||xn+1 _xn||2 < On— Qpt1

forallm > 1. Let a fixed N > 1. Applying the last inequality for n = 1,2,...,N and summing
up those inequalities, we obtain

N
KZ |11 _anz SQOL—ONy1-

n=1
Combining this with relation (3.14), we obtain

N
K'Y 1 —xal* < @1 4+ 08 xo —x*||* +
n=1

9(,01
1—-6

01

< 9N+1y|xo—x*1|2+ﬁ.

From (B3), we obtain 6 < 238T < 1. Thus, passing to the limit in the last inequality as N — oo
and noting that K > 0, we get

Y bt =l < 12 <o (3.15)
n=1

(ii) It follows from relation (3.15) that ||x,+1 —x,|| — 0. Hence
[n1 = wal| = [bons 1 =20+ 6l ben = xn—1|| < |21 = Xal| + 6a[ 6 = xa1[| = 0.

It is obvious that ||x, — wy|| < ||x, — Xpt1]| + |[Xnt1 — wa|| — 0. Moreover, from the defition of
Xp+1, wWe also have

1

||zn = wall = —|[xn1 —wal[ = 0

Qn

because o, > a, > 0. It follows from (3.12) that
[t =272 < (14 6l — 27| = Ol a1 =271+ 6 (1 + &) [Jxn — 01|

Thus, by setting ®, = ||x, — x*||> and A,, = 6,,(1 + &) ||x, — x,_1]|?, we obtain

iy < Dt 0,(Pp— Py_y) + A, V1 > 1. (3.16)




CONVERGENCE OF RELAXED INERTIAL METHODS 223

It follows from 0 < 6, <0 < 5 1 < 1, the definition of A, and relation (3.15) that .7 A, <
+o0, Thus, Lemma 2.3 and relatlon (3.16) ensure that the limit of {®, } exists, i.e., lim, e ||x, —

x*||? = ®* € R. We also have lim,, e ||w, —x*||? = lim, e ||z, — x*||* = ®* because of ||x, —
wp|| — 0 and ||z, — wy|| — 0. Thus, it follows from relation (3.6) that

(1 =2ne1)[yn = wal P + (1= 22e2)l[zn =yl > < [[wn =[P = [Jza —*[[> = 0. (3.17)
This together with hypothesis (B1) implies that
[y =wall =0, [lzn = yal[ = 0. (3.18)
Thus, we also have ||x, — y,|| — 0 due to ||x,;, —wy|| — 0.

(iii) Since lim, .. ||x, — x*||> = ®*, we easily see that {x,} is bounded. Therefore {y,}, {z,}
and {w,} are also bounded.

Lemma 3.4. Under assumptions (A1)-(AS) and (B1)-(B3), every weakly cluster point of {x,}
belongs to EP(f,C).

Proof. From relation (3.2), we have
M Vs ¥) = Anf Vnszn)) + Wn — 20,y — 2n) , Vy € C. (3.19)
It follows from the Lipschitz-type condition of f that

FOnszn) = fWaszn) — f (W, yn) — 1| |[wn _)’nHz _C2Hyn_ZnHz-

Multiplying both two sides of this inequality by A, > 0, after that, combining the obtained
inequality with relation (3.4), we get

Mnf Vnszn) = (Wi = YnsZn — Yn) — C1An|[Wpn — Yn| |2 — 2|y — zn |2,
which, together with relation (3.19), implies that

2nf Onsy) = Wn—Yn 20— Yn) + (Wn — 20,y — Zn)
||2—C27Ln||yn—zn||2 (3.20)

—Clln|lwn —

and (B1), we obtaln
lim f(ya,y) >0, ¥y € C. (3.21)
n—so0

Note that, from Lemma 3.3(iii), {x,} is bounded. Now, assume that p is some weakly cluster
point of {x,}, i.e., there exists a subsequence {x,,} of {x,} converging weakly to p. From
||[Xm — ym|| — O, we also obtain y,, — p. Since C is closed and convex in H, we have that C is
weakly closed. Thus, from {y,,} C C, we obtain p € C. It follows from (A5) and relation (3.21)
that

f(p,y) = lim sup f(ym,y) >0, ¥y € C.

This means that p € EP(f,C). The proof of Lemma 3.4 is complete. 0
Finally, we obtain the following main result.

Theorem 3.1. Under assumptions (A1)-(AS5) and (B1)-(B3), the sequences {x,}, {y,} and
{wn} generated by Algorithm I converge weakly to some solution of problem (EP).
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Proof. From Lemmas 2.4, 3.3 (iii) and 3.4, we obtain that {x,} converges weakly to some
solution x" of problem (EP). From Lemma 3.3 (ii), we have that {y,} and {w,} also converge
weakly to x7. This completes the proof of Theorem 3.1. U

4. MODIFIED RELAXED INERTIAL EXTRAGRADIENT METHOD

In view of hypothesis (B1), we see that the stepsize A, depends on the two Lipschitz-type
constants cy, ¢ of bifunction f. This means that the convergence of Algorithm 1 is only ensured
when these constants are known. Actually, the Lipschitz-type constants are often unknown or
difficult to approximate in nonlinear problems. In that case, a method of linesearch type can
be used to replace. A linesearch involves an inner loop with some finite stopping criterion
and requires many extra-computations at each (outer) iteration. This can be expensive and
time-consuming. In this section, we introduce a modified version of Algorithm 1 where can
be implemented more easily. For the presentation of Algorithm 2 below, we use the notation
[t]; = max {0,7} and adopt the convention § = oo for a > 0.

Algorithm 2. [Modified Relaxed Inertial Extragradient Method for EPs]

Initialization: Choose xy, x| € H. Take two constants Ay > 0, p € (0,1) and two control
parameter sequences, {0y} C (0,+00), {6,} C [0,+4o0).

Iterative steps: Assume that x,_\, x, € H and A, are known. Calculate x,.| and A, as
follows:
Step 1. Compute w, = x,, + 0, (x, — x,—1) and
Yn = PrOXy, fy, ) (Wn)-
Step 2. Compute
X1 = (1 — o) wy + Ocnprox;tnf(ym.)(w,,).
Step 3. Update

1l wn = yal I* 4+ l1zn = yal1?) }
2[f(Wn,Zn) _f(Wnayn) _f()’naZn>]+ ’

where z, = proxy r(,. )(Wn). Set n:=n+1and go back Step 1.

}Ln-i-l = min {}t’nv

Stopping criterion: If y, = w,, then stop and y, is a solution of problem (EP).

The main difference between Algorithm 2 and Algorithm 1 is at Step 3. The stepsize A,4 is
updated at each iteration based on the previous iterates, by a simple computation, and without
a linesearch. Although the convergence of Algorithm 2 requires the Lipschitz-type condition
of bifunction f, the Lipschitz-type constants of f is not necessary to be known. In order to
establish the convergence of Algorithm 2, we consider the following assumptions imposed on
the two sequences { o, }, {6, }:

(B4)0 < o, < o < * < 27E;
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3—,[1—206* )

B50<6,<06< ﬁ and {6, } is non-decreasing, where & € [1, 5=

3—u—2a*
za* > 1.

Theorem 4.1. Under assumptions (A1)-(AS5) and (B4)-(B5), the sequences {x,}, {y,} and
{wn} generated by Algorithm 2 converge weakly to some solution of problem (EP).

Proof. We first state that A, > 0 for all n > 0 and

_ _ 1 (|[wn = yal[* + [1za = yal1?)
f(WnaZn> f(WnaYn) f(ynazn) < 2)bn+1

Indeed, we see that Ag > 0. Assume A, > 0 for some n > 0. Now, if f(wy,z,) — f(Wn,yn) —
f(¥ny20) <0, then from the definition of A, |, we obtain that A,,;; = A4, > 0, and inequality
(4.1) is obviously true. In the inverse case, if f(wn,2,) — f(Wn,Yn) — f (¥n,20) > 0, then ||w, —
Yal[* 4|20 = yul | > 0 and

LfWaszn) = fF(Was Yn) = fns 2n) |+ = f(Wn,20) — fF(Wn, ) — f (Vs 2n) > 0.
Thus, it follows from the definition of 4, that 4,1 > 0 and
At < N(Hwn_)’nH2+|‘Zn_ynH2)
n — 9
2(f(wWnszn) = fWnyyn) = f(Vns2n))

which follows inequality (4.1). Moreover, using the result in [9, Theorem 1] and hypothesis
(A2), we obtain

Remark 4.1. Since 0 < o* < 377“, we immediately obtain

L Yn> 1. (4.1)

limA, =4 > 0. (4.2)
Now, we obtain from Lemma 2.1 and the definition of z,, that
2n(f s X*) = f(Vns2n)) = (Wn — 2n,x" —2u) , VX" € EP(f,C). (4.3)
Similarly, it follows from the definition of y, that
An(f(Wns2n) = f(Wn,n)) = (Wi — Yns2n — ) - (4.4)

Combining relation (4.3) and (4.4) and noting f(y,,x*) <0, we derive
2 <Wn _ZmX* _Zn> +2 <Wn —Yny3n _Yn> < 21}1 (f(WmZn) _f(wnaYn) _f(ymzn)) ,
which together with relation (4.1) implies that

HAy
;Ln—o—l

Applying the equality 2 (a,b) = ||a||> +||b||*> — ||a — b]||* to relation (4.5), we come to the fol-
lowing inequality

UA
Hzn—x*uzsuwn—x*uz—(1— ”)(Hwn—ynr|2+uzn—ynuz).

2<Wn_Zn7x*_Zn>+2<wn_ynyzn_yn>g (”Wn_yn”2+’|zn_)’n”2)- 4.5)

Anvi

Thus, from the fact (a®> + b?) > %(a +b)? and the triangle inequality, we get

. . 1 UA
o=l < ||wn—x||2——(1— ”)<||wn—yn||+|rzn—yn||>2
2 }Ln+1
HA,

1 A
< D=1 5 (142 ) o -l
n

= ||Wn_X*||2_’_<n||Zn_Wn||27 (4.6)
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where K, = % (1 — fﬁ) Thus, as relation (3.8), we also obtain

n+1
IR = Kit1—oy

2
- . 4.7
1w @7

1 =2 < [|w —

Since A, — A > 0, we have k,, — % (1 — ). Thus, it follows from 0 < o, < a* that

Rotl—op  Ketl-a’ - +1—a _3-p-20
oy, - o* oF 20*
Thus, there exists ng > 1 such that
Kot 1—ap
a]’l
Combining relations (4.7) and (4.8), we obtain

> £, Vn > ny. (4.8)

101 = (17 < [wn = (1> = &[ a1 = wal >, V> no. (4.9)
Set @, := ||x, — x*||> — Oullxn_1 — x*||> + 6,(1 +&)||xy —x,_1||> and K := & — (28 +1)6 > 0.
Using Lemma 3.2, we also obtain
Put1 = On < =K1 — x| P, V1 = g

The rest of the proof is similar to Theorem 3.1. Theorem 4.1 is proved. 0J

5. COMPUTATIONAL EXPERIMENTS

In this section, we consider some examples to illustrate the affect of the inertial term to the
numerical behavior of Algorithm 1. We show the behavior of this algorithm because, in the
mentioned examples below, the Lipschitz-type constants of the bifunction are known. Note that
if 6, =0, then Algorithm 1 becomes the original algorithm, which is without inertial effect.
All the programs are written in Matlab 7.0 and computed on a PC Desktop Intel(R) Core(TM)
15-3210M CPU @ 2.50GHz 2.50 GHz, RAM 2.00 GB.

We choose 4, = O.Smin{%,z—;}, Af = 0-99mi“{ﬁ7ﬁ} and

1 1
oy = ot = §+Zmin{l —2C1l*,1—2C27L*}.

Hence € = 1. Six parameters of 6, are here chosen to check as
6, € {0, 0.05, 0.1, 0.2, 0.25, 0.3} .
The starting points are xg = x; = (1,1,...,1)T € R™. The feasible set is a box defined by
C={xeR":.-5<x,<5,i=1,2,...,m}.

From Algorithm 1, we see that if y, = w), then y, is a solution of the problem. Thus, we use the
sequence D, = ||y, —wy||?, n=0,1,2,... to study the convergence of the proposed algorithm.
The data is generated randomly such that all the conditions of the problem are satisfied.

Example 5.1. Consider a linear bifunction f : R x R™ — R defined by f(x,y) = (Px+ Qy+q,y — x),
where g € R and P, Q are two m X m matrices such that Q is symmetric positive semidefinite

and Q — P is symmetric negative semidefinite [7]. The bifunction f is pseudomonotone and
satisfies the Lipschitz-type condition with ¢; = ¢, = ||P — Q||/2. The numerical behavior of D,,

is described in Figure 1 and Figure 2 for respectively m = 20 and m = 50.
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en:O
—#*—6,=0.05

2
1ly,—w, |l

D =
n

0 10 20 30 40 50 60 70
# terations x 5

#iterations x 5

FIGURE 1. Example 1 for FIGURE 2. Example 1 for
m = 20. m = 50.

Example 2. Consider a nonlinear bifunction f : R x R — R of the form f(x,y) = (F(x),y — x),
where F'(x) = Ax+ P(x) and A is a m X m symmetric semidefinite matrix and P(x) is the proxi-
mal mapping of the function g(x) = JT||x| 4, ie.,

o SIDIE L e
P(x) = argmin 2 —|—2||y x|[Frye RS

In this case, f is pseudomonotone and satisfies the Lipschitz-type condition with ¢y = ¢; =
L(J|A]| + 1). The numerical results are showed in Figure 3 and Figure 4.

2
Mly,—w,II
Ily,~w,|I?
Wl

D _=|
n

D =|
n

. . . . . . . . . . .
0 10 20 30 40 50 60 70 0 10 20 30 40 50 60 70
# iterations x 5 #terations x 5

FIGURE 3. Example 2 for FIGURE 4. Example 2 for
m = 20. m = 50.

From the aforementioned numerical results, we see that the proposed algorithm with inertial
effect (6, # 0) seems better than the classical extragradient algorithm (6,, = 0). Moreover, it is
also seen that the larger 6, is, the better the convergence of the new algorithm is.

6. CONCLUSIONS

The paper proposed two relaxed inertial extragradient methods for solving the equilibrium
problem in Hilbert spaces. The algorithms are constructed around the proximal-like mapping
of a bifunction and the inertial method. The algorithms can be implemented with or without
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knowing previously the Lipschitz-type constants of bifunctions. Theorems of weak convergence
were established under some mild conditions. Several of numerical results confirmed that the
proposed algorithm with inertial effect seems to be better than the original method.
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